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Remote Photoplethysmography (rPPG) Estimation

Performance degrades on cross-domain inference
• Illuminance variances
• Various capturing devices and settings
Goal
Domain generalization

• Learning to generalize to unseen target domains
• Enlarging the domain sphere

DG-rPPGNet

 Proposed method
• Feature disentanglement

• rPPG signal feature
• Identity feature
• Domain feature

Experiments

Datasets
• UBFC-rPPG: 42 subjects
• PURE: 10 subjects x 6 motions
• COHFACE: 40 subjects x 2 environments
• VIPL-HR: 107 subjects x 9 scenarios x 3 devices

• Domain Permutation
• Domain feature invariant learning

P + C → U U + C → P U + P → C

• Domain Augmentation via AdaIN
• Adversary domain learning
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Reconstruction

Disentanglement

“Permute” the domain
features

Training on two datasets
Testing on the remaining one
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