GPU-based Parallel Computing for Structural Network Analysis of Human Brain

Ak

DIt aYe

¥ ¥ £ Y .-‘- a¥Y e ) ) y Y

CHANG GUNG
UNIVERSITY

Abstract: In comparison with diffusion tensor imaging(DTI), high-angular resolution diffusion imaging (HARDI) can resolve the complex
fiber crossing of each voxel in the brain. However, the image reconstruction time is longer than conventional technology. Therefore, we
employed graphic processing unit (GPU) and CUDA to implement a GPU-based structural brain network analyses scheme including the high-
speed QBI reconstruction using spherical harmonic functions, probabilistic tracography algorithm and brain network analyses based on graph
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Probabilistic Tractography
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